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Research on the relationship between police discrimination and place
has focused on a single context: the workplace. Yet, theories of exclu-
sion and group identity suggest that where people live shapes their
perceptions and actions. This article bridges this gap by investigating
how homicides near officers’ homes influence their behavior on duty.
We link administrative records from the Chicago Police Department
with voter registration data to create a novel dataset capturing of-
ficers’ demographic backgrounds, policing activity, and residential
contexts. Our quasi-experimental design exploits the exogenous tim-
ing of homicides near officers’ homes relative to their work schedules.
We find that White officers use force against Black pedestrians more
frequently in theweek following a homicide in their neighborhood. By
demonstrating how violence near officers’ homes influences legally
sanctioned violence in other neighborhoods, our study reveals a path-
way through which violence diffuses across the city and between so-
cial groups.

INTRODUCTION

Does the residential context of police officers influence their workplace be-
havior? In cities like Chicago, Los Angeles, and New York, the presence of
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highly segregated police enclaves is common knowledge. In New York
City, for example, many White NYPD officers live in Breezy Point, a
gated, cooperative community at the western end of the Rockaway pen-
insula (Kilgannon 2020). In Los Angeles, many LAPD officers reside in
Simi Valley, an area that gained national attention for hosting the trial
of the officers involved in the beating of Rodney King—an event whose
acquittals sparked the 1992 Los Angeles Riots (Mikulan 2002). And in Chi-
cago, a significant proportion of the city’s White police officers reside in
Mount Greenwood, a neighborhood on the southwestern edge of the city
(Briscoe 2016).

Theories of place and community suggest that residential contexts are
unique in their social importance (Gieryn 2000). People ascribe symbolic
meanings to the places they live, and these places can shape their personal
identity and sense of belonging (Sampson 2012). In the now-classic mono-
graph, Great American City, Robert Sampson (2012, p. 54) illustrates
how neighborhoods serve as “markers for one’s station in life and are fre-
quently invoked for this purpose.” Others have shown that the conditions
in one’s neighborhood profoundly impact important social and economic
outcomes (see Sampson, Morenoff, and Gannon-Rowley et al. [2002] and
Sharkey and Faber [2014] for reviews).

Given its importance, it is perhaps unsurprising that residential context
plays a crucial role in theories of racial discrimination (Blumer 1958;
Blalock 1967). White residents have been shown to interpret the presence
of minority groups as a sign of neighborhood disorder and criminal activity
(Quillian and Pager 2001; Sampson and Raudenbush 2004) and tend to be
more politically active when living near large minority populations (Enos
2016). To that effect, researchers have long documented White residents’
efforts to maintain control over the racial demographics of their neighbor-
hoods, from opposition to busing in the 1960s (Bobo 1983) to decisions
about relocation (Emerson, Yancey, and Chai 2001).

Despite evidence that residential context can shape discriminatory atti-
tudes (Blalock 1967; Bobo and Zubrinsky 1996; Oliver and Mendelberg
2000; Louie and DeAngelis 2024) and behaviors (Sampson et al. 2002; Enos
2016), research on racial bias in policing has largely overlooked the role
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of officers’ residential context. Instead, this research has focused on how
characteristics of the workplace (Smith 1986; Novak and Chamlin 2012;
Renauer 2012; Smith and Holmes 2014; Shoub et al. 2020; Omori, Lauten-
schlager, and Stoler 2022) or macrospatial processes at the municipal and
county level (Stolzenberg, D’Alessio, and Eitle 2004; Kent and Jacobs
2005; Stults and Baumer 2007; Carmichael and Kent 2014; Kent and Car-
michael 2014; Legewie and Fagan 2016) correlate with officer behavior.
In this article, we attend to this gap by investigating whether violence

near the homes of Chicago Police Department (CPD) officers impacts their
workplace behavior. Using linked administrative data on officers’ residential
addresses, daily assignments, and records of contact with civilians, we esti-
mate the causal effect of homicides that occur near officers’ homes on the
probability that those officers stop, arrest, or use force against Black,White,
and Hispanic pedestrians.
Our findings reveal that when a homicide occurs near a White officer’s

home, the probability that the officer uses force against Black pedestrians
increases sevenfold for the following week. This effect is not observed for
Black or Hispanic officers or during encounters with White or Hispanic ci-
vilians. Additionally, this increase in discrimination is specifically associ-
ated with homicides in which the suspect is Black or perceived as Black.
By considering how the meanings attributed to and attachments formed
with the places (Gieryn 2000) can amplify feelings of racial threat, these find-
ings contribute to a large literature on discrimination and group position
(Blumer 1958; Blalock 1967; Quillian 1996; Bobo 1999; Eitle, D’Alessio,
and Stolzenberg 2002; Stults and Baumer 2007; Legewie 2016; Legewie
and Fagan 2016; Abascal 2020).
Alongside contributions to a large literature on racial threat, these find-

ings extend a growing body of research on the spatial patterning of racial
discrimination (Blalock 1967; Quillian 1995; Quillian and Pager 2001; Samp-
son and Raudenbush 2004; Legewie and Fagan 2016; Mobasseri 2019) and
is one of the first studies to address the effect of residential proximity to vi-
olence on workplace behaviors. Furthermore, by showing how events that
occur near an officer’s home can cascade into violence in other parts of the
city, this study contributes to recent research on the geographic structure
and networked nature of violence (Legewie and Schaeffer 2016; Papa-
christos and Bastomski 2018; Ouellet et al. 2019; Wood, Roithmayr, and
Papachristos 2019; Zhao and Papachristos 2020).

RACIAL DISPARITIES IN POLICING

Violent encounters with police and racial disparities in police contact con-
tinue to draw public outrage and elicit widespread pressure for reform
(Buchanan, Bui, and Patel 2020; Olzak 2021). Despite these calls, racial
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disparities are still found in almost everymeasure of police contact, from traf-
fic stops (Lundman andKaufman 2003; Epp,Maynard-Moody, andHaider-
Markel 2014; Pierson et al. 2020; Shoub et al. 2020; Grosjean et al. 2022)
to arrests (Beckett, Nyrop, and Pfingst 2006; Ba et al. 2021). Yet disparities
in the use of force are among the most severe and consequential (Legewie
2016; Legewie and Fagan 2016; Ba et al. 2021; Bell 2021; Lett et al. 2021).
For example, exposure to direct and vicarious police violence impairs per-
formance in school, altering the educational trajectories of children and
adolescents (Kirk and Sampson 2013; Gottlieb and Wilson 2019; Legewie
and Fagan 2019; Ang 2021; Legewie and Cricco 2022), and can increase
symptoms of depression and anxiety (Geller, Tyler, and Link 2014; Bor et al.
2018; DeVylder et al. 2018).

The predictors of racial discrimination in policing are extensive, and re-
searchers have approached the issue from several angles. One line of re-
search focuses on the demographic characteristics of officers. This work
shows that male officers (Ba et al. 2021; Shoub, Stauffer, and Song 2021),
Republican officers (Donahue 2023), and White officers (Anwar and Fang
2006; Ba et al. 2021) are more likely to discriminate than their female, Dem-
ocratic, and non-White colleagues. Other research suggests that the ecolog-
ical and institutional contexts in which police officers operate may also con-
tribute to racially biased policing practices. This work has examined
discrimination in relation to the characteristics in the beats (see Shjarback
[2018] for a review), counties, and municipalities (Eitle et al. 2002; Legewie
and Fagan 2016) where officers are assigned to work.

RACIAL THREAT

Research on the ecology of police discrimination tends to rely on theories
of racial threat and group position (Blumer 1958; Blalock 1967). At their core,
such theories describe discrimination as a group-level process wherein prej-
udices among the dominant group are ignited by perceived threats to their
economic, demographic, or symbolic status (Blumer 1958; Blalock 1967; Bobo
1983, 1999; Bobo and Zubrinsky 1996).2

Without specific regard to police work, researchers have found consider-
able evidence that supports these theories of discrimination. For example,

2 Theories of group threat are alternatively called racial threat, minority threat, Black
crime threat, status threat, demographic threat, and political threat. Although each of
these variants suggests a specific hypothesis (i.e., political threat predicts increased dis-
crimination related to changing political dynamics), they all ascribe to a similar logic
of discrimination. In this study, we do not adjudicate between these variations of group
threat but rather describe the overarching framework to which they all belong.
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studies have shown that the perceived population prevalence of non-White
racial groups is associated with a contraction in the phenotypical bound-
aries around Whiteness (Abascal 2020), declining support for welfare pro-
grams (Wetts andWiller 2018), and increased support for punitive criminal
justice policies (Duxbury 2021). In a particularly illuminating study, Enos
(2016) found that after the sudden displacement of over 25,000 Black resi-
dents from a Chicago neighborhood, White voter turnout in that neighbor-
hood decreased by 10 percentage points, highlighting the political influence
of Black neighbors on White residents.
Yet theories of racial threat take on distinct importance when applied to

policing, where discrimination has substantial social consequences (Bell
2021). At an institutional level, law enforcement has been used as a tool
of racial exclusion and social control (Muller 2012). Police forces tend to
be larger in more segregated cities (Kent and Carmichael 2014) and are often
deployed in ways that maintain this segregation (Laniyonu 2018). Yet police
officers are more than just neutral bureaucrats; they possess significant dis-
cretionary authority and, through an array of informal and formal chan-
nels, are inundated with narratives of racialized criminality and the threat
of Black men (Vitale 2021; Simon 2023; Sierra-Arévalo 2024). This process
of police socialization, however, does not affect all officers equally. Recent
research finds that while White officers are more likely than the average
White civilian to harbor racial biases and perceive Black individuals as vi-
olent, Black and Hispanic officers do not exhibit these heightened levels of
racial prejudice (LeCount 2017).
Police officers also tend to operate in environments that exacerbate un-

ease and promote violent and aggressive professional responses (Carlson
2019; Simon 2023). In his ethnographic account, Sierra-Arévalo (2024) em-
phasizes this point, describing how “the daily production of policing . . . re-
volves primarily around one thing: survival” (p. 9). Given their substantial
discretionary power, exposure to narratives about racialized criminality
and Black male danger, and a pervasive culture of precarity, police officers
may be particularly sensitive to feelings of racial threat and—perhaps most
importantly—uniquely positioned to act on them.
Consistent with these accounts, several recent studies provide strong ev-

idence that police officers respond to perceived racialized threats to their
professional identity by escalating discriminatory behavior (Legewie 2016;
Grosjean et al. 2022; Zhao and Papachristos 2024). Legewie (2016), for ex-
ample, shows that the rate at which New York Police Department (NYPD)
officers used force against Black pedestrians increased for several days fol-
lowing themurder of a fellow officer by a Black suspect. Critically, Legewie
(2016) finds no similar effect when NYPD officers were killed by Hispanic
or White suspects. In another recent study, Zhao and Papachristos (2024)
show that when a police officer is injured or killed by a Black suspect, other
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officers who are in the same professional networks react by discriminating
against Black civilians.

Racial Threat and Neighborhood Context

These studies present strong evidence that officers respond to perceived
threats with increased aggression toward Black pedestrians, often escalat-
ing interactions by using additional force. However, by focusing on threats
to officers’ professional identity—such as the injury or killing of peers (Lege-
wie 2016; Zhao and Papachristos 2024)—existing research overlooks how
similar responses might arise from other areas of officers’ social and personal
lives. Just as officers may react aggressively to violence against colleagues,
violence that occurs in their residential environment may also provoke
feelings of threat. When a Black suspect is involved in a homicide near
a White officer’s home, for example, it may “raise fundamental questions
about relations and awaken a sense of racial identification” (Blumer 1958,
p. 6).

Althoughwe are not the first to consider the possibility that policing prac-
tices are shaped by proximate racialized violence, previous studies have
produced inconsistent findings that appear to be contingent on the nature
of geography analyzed. Several studies, for example, reveal a strong connec-
tion between the county- and municipal-level prevalence of violent crime
committed by Black suspects against White civilians and the incidence of
discriminatory policing practices (Eitle et al. 2002; Stults and Baumer 2007;
Legewie and Fagan 2016). Controlling for other characteristics, including
rates of Black-on-Black crime, this research shows that police departments
have more officers (Kent and Jacobs 2005; Stults and Baumer 2007; Car-
michael and Kent 2014) and racial disparities in arrests and police killings
are larger in counties and cities where Black-on-White crime is more preva-
lent (Eitle et al. 2002; Legewie and Fagan 2016; Grosjean et al. 2022). Using
crowdsourced data on police killings from across the nation, Legewie and
Fagan (2016), for example, find that the rate of Black-on-White homicides
in cities predicts the number of Black people killed by police. Eitle et al.
(2002) similarly show that net of other characteristics, the county-level prev-
alence of Black-on-White crime predicts the rate of Black arrests. Although
descriptive, researchers tend to suggest that these findings are consistentwith
theories of group threat and that the “perception of crime threat increases the
popular and political demand for social control” (Legewie and Fagan 2016,
p. 6), including use of force against and arrest of Black civilians.

Other research focused on the conditions in the beats and neighborhoods
in which officers work is more qualified (Novak and Chamlin 2012; Renauer
2012; Rojek, Rosenfeld, and Decker 2012; Shjarback 2018). Novak and
Chamlin (2012) and Rojek et al. (2012), for example, find that officers are
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more likely to cite and search Black people in beats characterized by a higher
proportion of White people and are more likely to cite and search White
people in beats characterized by a higher proportion of Black people. At the
same time, however, research on racial disparities in use of force complicates
these “race out of place” findings. Studies consistently find that the incidence
of use of force against Black pedestrians is higher in areas with greater pro-
portions of Black residents (Omori et al. 2022). However, this effect is often
colinear with the prevalence of violent crime (Shjarback 2018) and is itself
mitigated by high levels of segregation (Smith and Holmes 2014; Klinger
et al. 2016).
Research on the ecological predictors of police discrimination often over-

looks how the choice of geographical unit (i.e., school district, residential
neighborhood, municipality, city, county, workplace, etc.) and its social
meaning may shape empirical expectations or the suitability of theoretical
frameworks such as racial threat. We argue that this lack of specification
has made findings at various geographic levels appear incompatible and
has had the unintended consequence of obscuring the connection between
place-based attachments and perceptions of threat. Perhaps, most impor-
tantly, however, by focusing narrowly on theworkplace or broadly on coun-
ties, researchers have overlooked the ways in which the residential context
of officers may be an important avenue through which a sense of group po-
sition and feelings of racial threat are produced.

The Importance of Residential Context

Although it is often overlooked in research on policing, a large literature
in political science and sociology explores the degree to which empirical
and theoretical expectations may be shaped by the choice of geography or
the operationalization of place (Gieryn 2000; Oliver and Mendelberg 2000;
Welch et al. 2001; Baybeck 2006; Sharkey and Faber 2014). Baybeck (2006,
p. 395), for example, stresses the complex, nested nature of municipalities,
arguing that there is “no ‘one’ context” but rather “the neighborhood, the
school district, the city, and the county, to name but a few,” and Oliver and
Mendelberg (2000, p. 577) argue that “identifying a context’s boundaries is
essential for understanding its potential effect.” In a recent review of the lit-
erature on neighborhood effects, Sharkey and Faber (2014) similarly advo-
cate for a theoretically grounded operationalization of place.
Theories of place also complicate the reliance on census geographies.

These theories argue that places are associated with abstract and contextu-
ally dependentmeanings that may be related to but are functionally separate
from demographic, topographic, or material features (Milligan 1998; Scannell
and Gifford 2010). The ways people form emotional connections and draw
personal meaning from their surroundings is well explained byGieryn, who
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identifies the symbolic typologies people use to differentiate between places:
“ours or theirs; safe or dangerous; public or private; unfamiliar or known;
rich or poor; black or white; beautiful or ugly; new or old; accessible or
not” (Gieryn 2000). Others have shown that residents find safety, respite,
and comfort in their communities (Suttles 1968; Merry 1981; Altman and
Low 1992).

Given its symbolic importance, it is no surprise that research on discrim-
ination and place suggests that residential contexts tend to structure per-
ceptions of racialized urban disorder (Sampson and Raudenbush 1999,
2004), racial threat, and feelings of racial prejudice (Bobo and Hutchings
1996; Chiricos,McEntire, andGertz 2001; Quillian and Pager 2001; Goyette,
Farrie, and Freely 2012; Enos 2016). Observational, quasi-experimental,
and experimental studies have shown that the physical and social geography
of residential areas, including the spatial separation between groups within
residential contexts (Enos 2014, 2017), can contribute to the development
and intensification of perceptions of disorder, which can, in turn, lead to prej-
udices and discriminatory behaviors. For example, Sampson andRaudenbush
(2004) find that perceptions of disorder in Chicago neighborhoods are more
strongly associatedwith the racial and ethnic composition of the neighborhood
than readily observed signs of disorder. Similarly, Quillian and Pager (2001)
show that even after controlling for actual levels of neighborhood crime, the
perception of crime among White residents is associated with the proportion
of young Black men living in the neighborhood.

Although there has been limited research on the relationship between
neighborhood violence and discriminatory behaviors, there are reasons to
believe that living close to violence may trigger feelings of threat. From one
perspective, violence occurring near one’s home may be perceived as a vi-
olation of an important physical and symbolic boundary—the separation
between the “racialized disorder” of the outside world and the order of one’s
residential space (Altman and Low 1992). In an interview study on the ways
that police chiefs frame gun violence, Carlson (2019) shows that chiefs tend
to emphasize the symbolic and spatial containment of such activity. One
chief, for example, describes being “concerned with making sure that the
gang violence does not spill over. As we say, we like to keep our enemies
on the other side of the gate” (Carlson 2019, p. 409).

Without addressing racial threat or policing specifically, an emerging lit-
erature offers evidence that exposure to nearby violence does indeed impact
important outcomes and behaviors. Although this research has primarily
focused on the effect of proximate violence on adolescents (see Sharkey
and Faber [2014] for a review), recent work suggests that exposure to vio-
lence can also increase discriminatory behavior, including in theworkplace.
Mobasseri (2019), for example, finds that exposure to nearby violent crime
reduces the likelihood that Black job applicants receive a callback.
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Despite evidence that residential context is imbued with meaning that
may be important in shaping feelings of group position and racial threat, re-
search on police behavior attends almost exclusively to workplace context.
And while evidence suggests that officers draw from workplace context
when making decisions about whom to stop and when to use force, it is
not clear why one should expect workplace context to shape the ways that
officers understand their relative group position. For example, the character-
istics of officers’ neighborhoods are likely distinct from the characteristics of
their workplaces. In some cases, officers may even be exposed to conditions
at work that are disconnected from or in conflict with the conditions they are
exposed to at home. As a result of citywide changes in racial segregation, for
instance, an officer may observe an increasing minority population in their
assigned beat but a shrinking minority population in their neighborhood.
Although not focused exclusively on workplace conditions, research that

examines large geographic areas, such as counties, states, or municipalities,
faces its own set of challenges. While these broad units of analysis may cap-
ture conditions that influence the political will and subsequent policy or
electoral outcomes (Campbell, Wong, and Citrin 2006; Zingher and Steen
Thomas 2014; Duxbury 2021), they can also obscure the dynamics that link
demographic factors to individual officer behavior. Aside from the alloca-
tion of resources and policy variations influenced by public political pres-
sure, it remains unclear how officers’ feelings of threat would be linked to
such broad and abstract measures of violence. While it is plausible that
an officer would be aware of a homicide occurring within the municipality
where they work or reside—and react accordingly—it seems improbable
that they would be aware of a homicide on the opposite side of the county.
The use of large geographic units, therefore, may obscure the nuanced

spatial dynamics of homicides. For instance, previous studies that docu-
ment a positive association between Black-on-White killings (but not Black-
on-Black killings) and the use of deadly force and arrest rates cannot account
for the fact that Black-on-White crimesmay disproportionately occur in close
proximity toWhite people’s homes. This could drive increased discrimination
independent of the symbolic nature of the crime. In fact, there is some indi-
rect evidence that supports this notion. The effect of Black-on-White killings is
less pronounced in counties with high levels of racial segregation (Eitle et al.
2002), which are presumably areas with less spillover violence.
Given the symbolic importance of residential context and its link to per-

ceptions of racial threat, we expect that incidents of extreme violence will
heighten feelings of group insecurity, leading to increased discrimination.
Prior research shows that perceptions of threat are driven by Black crime
(Legewie 2016). Consequently, we expect that officers will exhibit more dis-
criminatory responses when suspects are Black, while responses will remain
largely unchanged for White or Hispanic suspects. Finally, because White
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officers are especially sensitive to narratives of Black criminality (LeCount
2017) and typically occupy the top of the racial hierarchy, we expect them to
be most susceptible to perceptions of racial threat.

DATA

Police Administrative Data

This study relies on four sources of administrative data from theCPD: (1) an
officer demographic file, which contains demographic characteristics of
officers (race, sex, age, and years of service) and unique identifiers (full name,
year of birth, and badge number); (2) a schedule and assignment file, which
includes the assignment of officers to beats and shifts for each day that they
worked; (3) an event file, which includes all arrests, stops, and use-of-force
incidents in which CPD officers participated; and (4) point-specific crime
data, which include the location, time, and demographics of victims and sus-
pects for all homicides and nonfatal shootings that occurred in Chicago dur-
ing the study period. The data cover January 1, 2012, to December 31, 2020.

The use-of-force data are drawn from the Tactical Response Report (TRR)
forms. Officers complete these compulsory forms following an encounter
involving force. A separate record is generated for each incident and every of-
ficer involved.These records contain information on the timingof the event,
its location, the officers involved, and the race of the pedestrians involved. If
more thanone typeof forceorweapon isused, it is recorded in theTRRform.
In the event that a firearm is discharged, the form includes details about the
kind of firearm and the number of rounds discharged.3 Additionally, each
record contains information on whether the incident resulted in the injury
of the involved pedestrian and whether the pedestrian engaged in “active”
or “passive” resistance. Arrest and stop data include pedestrian demographic
information, identifiers of officers involved, and the reason for the arrest or
stop (e.g., drug offense, traffic stop, possession of a firearm, and so on).

The assignment and scheduling data provide information on officers’ daily
shifts and geographic beat assignments.4 These data allow us to observe shifts

3 Because of sample limitations, our main analysis does not distinguish between different
types of force used. However, we provide additional analyses in the online appendix,
where we decompose the results by examining the effects separately for incidents involv-
ing force where the officer reported that the pedestrian was injured and incidents where
the officer reported that the pedestrian was not injured.
4 CPD officers request shifts (day, swing, night) based on seniority and unit needs, which
also applies to furlough days (additional leave beyond regular days off ). Patrol assignments
are determined through a combination of shift allocation and consultations with unit com-
manders. Officers are assigned in advance to “day-off groups” based on an annual opera-
tions calendar. For officers on standard 8.5-hour shifts, a typical cycle consists of six con-
secutive workdays followed by two days off, with an extra day off if these coincide with a
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in which officers worked but did not engage in police stops, arrests, or force.
The ability to observe these uneventful shifts helps prevent issues of im-
proper benchmarking and selection on the dependent variable that have
confounded previous research (see Knox, Lowe, and Mummolo [2020] for
a critique of studies that used incomplete administrative data to draw infer-
ences on police behavior).
We link these data using unique identifiers, creating a data structurewhere

each row represents an officer-day observation that includes the date, a var-
iable that indicates whether the officer was scheduled to work, the officer’s
demographics (race, age, and gender), the beat and shift to which the officer
was assigned, the number of arrests, stops, and use-of-force incidents that the
officer participated in on that day, and a set of variables that indicateswhether
a homicide occurred within a given distance from the officer’s home within
the three weeks prior. We disaggregate each officer-civilian interaction by
race, distinguishing howmany of these incidents involved Black, Hispanic,
or White pedestrians.5

We limit our analysis sample to CPD officers who are assigned to patrols
in geographic beats, which include police officers, sergeants, and lieuten-
ants.6 By restricting our sample in this way, we ensure that each officer in
our analysis has the potential to interact with pedestrianswhile on duty. Ad-
ditionally, because of their small numbers, we exclude officers who identify
as Native Americans, Asian Americans, or Pacific Islanders.

Officers’ Addresses

We retrieved officers’ residential addresses bymatching each officer to their
voter registration records.7 This matching process used four identifying

weekend. Because the schedule doesn’t follow a weekly pattern, an officer’s shifts do not
consistently fall on the same weekdays over time. Officers are assigned to shifts (first, sec-
ond, or third) based on seniority and operational needs.
5 Whereas use-of-force incidents record the specific behavior of each involved officer,
stop and arrest records do not. Instead, these records simply list the officers involved. Be-
cause of this, we cannot distinguish who initiated the stop, if it was even initiated by a
single officer. As such, we consider all officers equal participants in the arrest or stop in-
cident. Our decision to treat each officer as an equal participant is based on conversations
with CPD officers who informed the authors that the order in which officers are listed in
administrative records is unrelated to their role in the incident and is rather a function of
who will appear in court, if such an appearance is necessary.
6 The variable “beat” in the CPD data represents patrol tasks. Most of these patrol tasks
include patrolling geographic beats by police officers (on foot or by car), but they also in-
clude administrative tasks and desk duties. We assess the behavior of officers assigned to
geographic beats only.We exclude officerswho are not assigned to geographic beats, such
as detectives and field training officers.
7 Historical Illinois voter records were purchased from L2, a distributor of individual-
level voter registration records.
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elements: first name, middle initial, last name, and date of birth. To ensure
temporal accuracy, we used historical snapshots of Cook County voter files
corresponding to each year in our study period, allowing us to associate
officers with their addresses at the time they were scheduled to work. For
instance, wematched 2012 officer datawith 2012 voting records, 2013 officer
data with 2013 voting records, and so forth. This year-by-year matching ap-
proach captured changes in officers’ residences over time.

Of the 11,215Black,Hispanic, andWhite police officers on active duty and
assigned to patrol functions between 2012 and 2020, we are able to match
8,946 (79.8%) to the Illinois voter registration file. The unmatched officers
are either not registered to vote or disregarded CPD’s residency require-
ment policy and registered to vote outside of Chicago. Ultimately, the sam-
ple of matched officers used in our analysis includes 2,194 Black officers,
2,641 Hispanic officers, and 4,111 White officers. This yields a panel data
set with 3,586,221 officer-day observations where we observe the number of
stops, arrests, and use-of-force events in which each officer was involved.

Table 1 describes the demographic characteristics and workplace behav-
iors of the officers in our analytic sample.8 Of the matched Black officers,
66.16% aremale, with an average age of 42.44 years as of 2015. AmongHis-
panic officers, 76.15% are male, and their average age is 36.13 years. A
higher percentage of White officers are male (80.50%), with an average age
of 39.79 years. A smaller proportion of White officers hold the rank of police
officer, but they are more likely than Hispanic or Black officers to hold the
rank of sergeant or lieutenant.

Table 1 also provides details about the relationship between where offi-
cers live and work. Approximately 23.27% of Black officers, 25.62% of His-
panic officers, and 30.85% of White officers reside within their regularly
assigned police district. When we narrow the geographic window from dis-
tricts to assigned police beats, we find that 9.24% of Black officers, 9.68% of
Hispanic officers, and 12.60% of White officers live inside the beat that they
are most likely to patrol.9

Finally, table 1 describes our outcomes: the probability that officers ar-
rest, stop, and use force against civilians of different racial groups during
a given shift. White officers have the highest overall probability of using
force during a shift, at 0.35%. Hispanic officers have a 0.29% probability

8 Table A1 in the online appendix reproduces table 1 for the officers we could not match
to voter records (365 Black officers, 711 Hispanic officers, and 1,193 White officers). Ta-
ble A1 reveals that there are no systematic differences in the demographic characteristics
or behavior of unmatched and matched officers.
9 Officers may be assigned to different patrol beats and districts over the course of a year.
To assess whether officers live in the same beats and districts that they patrol, we identify
the modal beat and district in a given year and determine whether the officer’s place of
residence falls inside the beat and district boundaries.
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TABLE 1
Officer Characteristics: CPD, 2012–20

Black
(N 5 2,194)

Hispanic
(N 5 2,641)

White
(N 5 4,111)

Demographics:
Male, % . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 66.16 76.15 80.50

(47.32) (42.62) (39.63)
Female, % . . . . . . . . . . . . . . . . . . . . . . . . . . . . 33.84 23.85 19.50

(47.32) (42.62) (39.63)
Age in 2015 . . . . . . . . . . . . . . . . . . . . . . . . . . . 42.44 36.13 39.79

(10.38) (9.72) (9.69)
Rank, %:
Police officer . . . . . . . . . . . . . . . . . . . . . . . . . . . 96.39 96.06 91.81

(18.65) (19.46) (27.43)
Sergeant . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 3.53 3.88 7.85

(18.47) (19.32) (26.90)
Lieutenant . . . . . . . . . . . . . . . . . . . . . . . . . . . . .07 .06 .34

(2.71) (2.42) (5.86)
Place of residence and work, %:
Lives in the district . . . . . . . . . . . . . . . . . . . . . 23.27 25.62 30.85

(42.26) (43.66) (46.19)
Lives in the beat . . . . . . . . . . . . . . . . . . . . . . . 9.24 9.68 12.60

(28.97) (29.57) (33.19)
Probability of using force during a shift, %:
All civilians . . . . . . . . . . . . . . . . . . . . . . . . . . . .22 .29 .35

(.86) (.70) (1.10)
Black civilians . . . . . . . . . . . . . . . . . . . . . . . . . .19 .21 .25

(.83) (.59) (.97)
White civilians . . . . . . . . . . . . . . . . . . . . . . . . . .01 .03 .04

(.11) (.17) (.26)
Hispanic civilians . . . . . . . . . . . . . . . . . . . . . . .01 .05 .05

(.08) (.32) (.43)
Probability of making a stop during a shift, %:
All civilians . . . . . . . . . . . . . . . . . . . . . . . . . . . 26.88 34.00 39.76

(31.93) (40.42) (46.37)
Black civilians . . . . . . . . . . . . . . . . . . . . . . . . . 22.88 20.01 24.36

(28.99) (30.87) (37.64)
White civilians . . . . . . . . . . . . . . . . . . . . . . . . . 1.81 4.22 6.34

(4.80) (9.22) (12.40)
Hispanic civilians . . . . . . . . . . . . . . . . . . . . . . 1.95 9.35 8.60

(5.71) (16.23) (17.12)
Probability of making an arrest during a shift, %:
All civilians . . . . . . . . . . . . . . . . . . . . . . . . . . . 13.87 19.25 17.82

(12.31) (13.98) (15.62)
Black civilians . . . . . . . . . . . . . . . . . . . . . . . . . 11.99 12.48 11.59

(11.70) (12.03) (13.46)
White civilians . . . . . . . . . . . . . . . . . . . . . . . . . .70 1.80 2.22

(1.42) (3.03) (4.67)
Hispanic civilians . . . . . . . . . . . . . . . . . . . . . . 1.13 4.86 3.87

(3.27) (6.50) (6.20)

NOTE.—The data include 8,946 CPDmembers with the ranks of police officer, sergeant, and
lieutenant assigned to geographic beats at any point during the years 2012–20 (2,194 Black,
2,641 Hispanic, and 4,111White). We exclude police officers assigned to administrative duties
and for whom the address could be inferred from the voter registration file. We present stan-
dard deviations in the parentheses.



of using force, andBlack officers have a 0.22%probability. Similarly,White
officers have the highest overall probability of making a stop during a shift.
When we disaggregate by the race of the civilians involved, we observe
some heterogeneity. Regardless of the officer’s race, there is a significantly
higher probability that an officer stops, arrests, or uses force against a Black
pedestrian compared to a White or Hispanic pedestrian.10

Neighborhood Crime and Demographic Data

To assess the characteristics of officers’ neighborhoods, we link officers’
home addresses to block group-level demographic data drawn from the
American Community Survey (ACS) 5-year estimates.11 Additionally, we
link block group-level crime rates obtained from Chicago’s Citizen Law
Enforcement Analysis and Reporting (CLEAR) system, which records all
reported instances of crime in Chicago, including the type of crime, the date
of the crime, and the location of the crime.

In the quasi-experimental analysis, whichwe describe in detail below, we
rely on data from the publicly available Violence Reduction—Victims of
Homicides and Non-Fatal Shootings dataset. These data include individual-
level information on every fatal and nonfatal shooting between 2012 and
2020 and provide details such as latitude, longitude, incident date, CPD
case number, and the victim’s race. We determine the race of the suspect
by linking the victimization data to CPD arrest records using the CPD case
number, which is included in both datasets. Among other information, the
CPD arrest records include the race of the arrested individual and the date
of the arrest. This linkage allows us to identify the race of both the victim
and the perpetrator of each homicide and shooting for which an arrest was
made. Yet, because CPD’s clearance rates are low and because the race of
the suspect is drawn from arrest records, information on the suspect’s race
is not always available. As shown in table 2 and extensively documented
in the literature (Cook and Mancik 2024), the vast majority of homicides
and shootings do not result in an arrest.

Table 2 describes the characteristics of homicides in Chicago between
2012 and 2020, along with a cross-tabulation of the race of the victim and

10 It is important to note that these probabilities do not account for officers’ unequal
distribution across beats and shifts and should not be used to draw any inferences about
racial gaps in officer-civilian interactions. As documented in the literature (Ba et al. 2021),
Black officers are more likely to be assigned to beats where the likelihood of coming into
contact with Black civilians is higher, which will increase the probability that they stop,
arrest, or use force against those civilians. Our models will account for that unequal dis-
tribution of patrol assignments.
11 We use block group data from the ACS in the year corresponding with officers first ap-
pearance in the data (e.g., for an officer who first appears in the CPD data in 2014, we use
2010–14 ACS data). See notes to table 3 for more details.
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the race of the perpetrator. In the column labeled “No arrest,” we show the
rate of unsolved homicides.
The clearance rate in Chicago is approximately 18% but varies slightly

by the race of the victim. For example, when the victim is White, the clear-
ance rate is higher, at around 27%. Table 2 also shows a pattern of racial
homophily between the victim and suspect when an arrest is made. For ex-
ample, when the victim is Black, 97% of those arrested are also Black, and
when the victim is Hispanic, 67% of the arrests are of Hispanics. The excep-
tion is for homicides where the victim isWhite, in which case Black individ-
uals are most commonly arrested.

DESCRIPTIVE RESULTS: THE RESIDENTIAL CONTEXT
OF POLICE OFFICERS

Our first set of results documents the spatial distribution of officers and out-
lines the typical conditions in the neighborhoods where officers live. Figure 1
presents spatial density plots of officer residences, with warmer colors indicat-
ing higher concentrations. Subfigures A, B, and C show the density of Black,
Hispanic, and White officers, respectively. These density plots are overlaid
on a map of census tract boundaries shaded by the proportion of Black res-
idents, with darker hues representing a higher proportion and lighter hues
indicating a smaller proportion of Black residents.12

Figure 1 reveals the presence of racialized police enclaves. White CPD
officers reside primarily in the northwest and southwest regions of the city,
with a high concentration in Norwood Park, Edison Park, Mount Green-
wood, and Beverly—neighborhoods known for their large populations of
people with Irish and Italian ethnicity (Zorbaugh 1983). Black officers tend
to reside in the southern parts of the city in predominantly Black neighbor-
hoods, such as Chatham, Roseland, and Auburn Gresham. Hispanic officers
have a more widespread presence, overlapping with White officers in some

TABLE 2
Race of Victims and Perpetrators: Homicides in Chicago, 2012–20

SUSPECT’S RACE (%)

VICTIM’S RACE Black Hispanic White Other No Arrest Total

Black . . . . . . . . . . . . . . . . 672 (16.3) 14 (.3) 6 (.1) 0 (0) 3,429 (83.2) 4,121 (100)
Hispanic . . . . . . . . . . . . . . 36 (4.5) 94 (11.7) 11 (1.4) 0 (0) 664 (82.5) 805 (100)
White . . . . . . . . . . . . . . . . 24 (10.0) 23 (9.6) 16 (6.7) 2 (.8) 174 (72.8) 239 (100)
Other . . . . . . . . . . . . . . . . 9 (15.3) 3 (5.1) 0 (0) 0 (0) 47 (79.7) 59 (100)
Total . . . . . . . . . . . . . . . . . 741 (14.2) 134 (2.6) 33 (.6) 2 (0) 4,314 (82.6) 5,224 (100)

12 Similar density plots overlaid on maps showing the proportion of White and Hispanic
residents are provided in figs. A6 and A7 in the appendix.

American Journal of Sociology

1408



FIG. 1.—Spatial distribution of CPD Black (panel A), Hispanic (panel B), and White
(panel C) officer residences over census tract–level proportions of Black residents, Chi-
cago, 2012–20. The data include 8,946 CPD members with the ranks of police officer,
sergeant, and lieutenant assigned to geographic beats at any point during the years 2012–
20 (2,194 Black, 2,641 Hispanic, and 4,111 White). We exclude police officers assigned
to administrative duties and for whom the address could not be inferred from the voter
registration file. The maps reflect the boundaries of census tracts using 2010 delineations.
The spatial density of officer residence has been computed using Gaussian kernels.



cases and in others, concentrating in predominantlyHispanic neighborhoods
like Little Village and Pilsen. The racial patterning of officer residences
mirrors the broader racial and ethnic segregation that characterizes Chicago’s
residential landscape.
To more precisely examine the neighborhood characteristics of CPD of-

ficers and explore how neighborhood conditions differ by officer race, we
calculate exposure measures. Drawing from previous research (Ellen Steil,
and De la Roca 2016), we calculate a weighted average for each neighborhood
characteristic, with weights based on the number of officers from a specific ra-
cial group living in each block group.By accounting for the uneven distribution
of officers across neighborhoods, this approach effectively creates a summary
statistic for the “typical” officer’s neighborhood. For eachneighborhood charac-
teristic (e.g., the percentage of non-Hispanic Black residents), we estimate
the exposure for the typical officer of racial/ethnic group r as follows: Er 5
oJ

j51

�
Cj*

rj
R

�
, where Er is the exposure measure to neighborhood character-

istic C for officer of racial/ethnic group r, Cj is the neighborhood attribute
(such as the percentage of non-Hispanic Black residents) in block group j,
rj is the number of officers of a given race/ethnicity in block group j, and
R is the number of total officers of racial/ethnic group r in the city.
Using data from the ACS, we estimate the exposure measure for the fol-

lowing neighborhood demographic characteristics: percentage non-Hispanic
White, percentage non-Hispanic Black, percentage non-Hispanic Asian, per-
centage Hispanic, percentage with less than a high school degree, percentage
with a college degree or more, unemployment rate, median household in-
come, percentage receiving public income assistance, and percentage of fam-
ilies below the poverty line.We also describe the incidence of violent crime in
the block group, measured as the yearly average number of homicides and
violent crimes (assaults, homicides, and robberies)13 occurring from 2012 to
2020.We create exposuremeasures for the typical Black,Hispanic, andWhite
officer. Finally, to assess how the neighborhood characteristics of CPD offi-
cers compare to those of the typical residents inChicago,we compute the same
exposure measures for the typical Black, Hispanic, and White Chicagoan.
Table 3 shows that the typical Black officer lives in a block group where

the homicide rate is 26.3 per 100,000 residents. This is almost eight times
larger than the homicide rate in the block groups where the typical White
CPDofficer lives (3.4 homicides per 100,000 residents) and nearly four times
the homicide rate in the neighborhoods where the typical Hispanic officer
lives (7.6 homicides per 100,000 residents). The disparities in exposure to
crime between White and Black officers are remarkably similar to the rel-
ative differences in exposure to crimewhenwe consider all Chicagoans. For

13 Rape is not included in the Chicago crime data.
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instance, the typical BlackChicago resident lives in a block groupwhere the
murder rate is 38.6, which is almost nine times the crime rate in the block
group where the typical White Chicagoan lives and 4.4 times the crime rate
in the block group where the typical Hispanic Chicagoan lives. These pat-
terns of unequal exposure to violence persist when we examine exposure to
other violent crimes like aggravated assaults and robberies.

Table 3 also reveals substantial racial and economic differences in the
neighborhoods where White, Black, and Hispanic CPD officers live. While
the typical Black officer lives in a block group where 12.6% of the popula-
tion is White, 73.2% is Black, 2.4% is Asian, and 10% is Hispanic, the typ-
ical White officer lives in a block group where 65.9% of the population is
White, 5.5% is Black, 4.9% is Asian, and 21.7% isHispanic. The racial com-
position of the neighborhood where the typical Hispanic officer lives is
40.3%White, 6.9%Black, 4.7%Asian, and 46.4%Hispanic. As with differ-
ences in exposure to violence, the spatial segregation of CPD officers mir-
rors the patterns of racialized spatial sorting of the typical Chicago resident.

TABLE 3
Neighborhood Characteristics of a Typical CPD Officer and a Typical Chicagoan

by Race/Ethnicity: Chicago, 2012–20

Black
Officer

Hispanic
Officer

White
Officer

Black
Chicagoan

Hispanic
Chicagoan

White
Chicagoan

Violent crimes per
100,000 . . . . . . . . . . . . . 1,668.0 614.9 401.1 2161.0 775.3 556.8

Homicides per
100,000 . . . . . . . . . . . . . 26.3 7.6 3.4 38.6 11.5 4.4

Population density . . . . . . 13.7 17.6 14.6 17.2 23.2 28.3
% White . . . . . . . . . . . . . . 12.6 40.3 65.9 8.4 23.0 61.2
% Black . . . . . . . . . . . . . . 73.2 6.9 5.5 79.4 9.0 7.8
% Asian . . . . . . . . . . . . . . 2.4 4.7 4.9 2.0 4.1 8.0
% Hispanic . . . . . . . . . . . 10.0 46.4 21.7 8.7 62.5 20.6
% Less than high

school . . . . . . . . . . . . . . 13.3 20.3 9.9 17.6 28.9 9.7
% College or more . . . . . . 27.9 27.8 38.9 21.5 22.3 53.5
% Unemployed . . . . . . . . 10.2 6.0 4.4 11.5 7.1 4.5
% Median household

income . . . . . . . . . . . . . 58.7 71.4 92.0 44.0 59.2 90.3
% With public income

assistance . . . . . . . . . . . 4.5 2.8 1.9 6.5 3.8 2.1
% Families below

poverty line . . . . . . . . . 19.0 12.6 6.4 27.0 18.9 8.6

NOTE.—Each value is a block group-level exposure computed for the corresponding group.
We compute officers’ crime exposures using crime rates from the first year that officers appear
in theCPDdata. For officers’ exposure to other neighborhood characteristics, weuse block group
data from the ACS from the year corresponding to when officers first appear in the data (e.g., for
an officer who first appears in the CPD data in 2014, we use 2010–14 ACS data). To compute
exposures for the nonofficer population, we use average crime rates across years 2012–20 and
use ACS data averaged across 5-year estimates from years 2006–10, 2011–15, and 2016–20.
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ESTIMATING THE CAUSAL EFFECT OF NEIGHBORHOOD
VIOLENCE ON OFFICER BEHAVIOR

Next we turn to ourmain analysis, which estimates the causal effect of hom-
icides that occur near officers’ homes on their subsequent propensity to stop,
arrest, and use force. To do this, we use a quasi-experimental design that
takes advantage of the exogenous variation induced by the timing of hom-
icides near officers’ residences relative to their predetermined work sched-
ules. While the incidence and location of homicides are not random, their
relative timing is exogenous to officers’ work schedules and assignments,
which are set in advance. This independence induces random variation in
the relative recency of a nearby homicide. Using this random variation in ex-
posure to homicides, we set up a difference-in-differences model that com-
pares the on-the-job behaviors of exposed and unexposed officers who work
in the same beat and shift and on the same day of the week and month.14

Before introducing the formal difference-in-differences equation, we of-
fer a visual representation of our research design. In the left panel of figure 2,
we show the logic of the treatment condition: The red star represents a ho-
micide, the small black dot represents the home of an exposed officer, and
the small white dot represents the home of an unexposed officer. Rather
than using census geographies like blocks, block groups, or tracts to mea-
sure exposure to homicides, we draw a series of concentric rings expanding
out from the officer’s home in radial increments of one-eighth of a mile. We
show these exposuremeasures in themap detail, where the blue shaded area
measures officers who are between zero and one-eighth of a mile from the
homicide, the red circular rings measure officers who are between one-eighth
and one-fourth of amile from a homicide, and so forth. This approach avoids
the rigid boundaries of census geographies and allows us to assess whether
the impact of homicides varies with distance.15

Following Ba et al. (2021), we control for workplace conditions by com-
paring exposed officers to unexposed officers whose work assignment is

14 Similar designs have been used to assess the effect of residentially proximate homicides
on children’s cognitive performance (Sharkey 2010; Sharkey et al. 2012) and mental
health (Cuartas and Leventhal 2020).
15 To test the effect of distance, our models include four dummy variables corresponding
to the mutually exclusive exposure rings shown in fig. 2. The first dummy variable is 1 for
officers living within one-eighth of a mile from the homicide and 0 otherwise. The second
dummy is 1 for those living between one-eighth and one-fourth of a mile from the homi-
cide and 0 otherwise. The third dummy is 1 for those living between one-fourth and
three-eighths of a mile from the homicide and 0 otherwise. The fourth dummy is 1 for
those living between three-eighths and one-half a mile from the homicide and 0 other-
wise. Officers who did not experience a homicide or experienced one beyond one-half
of amile from their home serve as the control group for officers living in the four exposure
circular rings. The coefficients on these dummies test for differences in behavior between
the control group and officers in each exposure ring. We introduce formal notation for
this modeling approach in eq. (2).
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defined by the same unique combination of month of the year,M ( January
2012 toDecember 2020); day of theweek,D (Monday toSunday); beat,B; and
shift,S (first, second, or thirdwatch). In comparing treated and untreated of-
ficers within uniqueMDSB combinations, we assume that these officers ex-
perience the same on-the-ground conditions and therefore behave in similar
ways, absent exposure to a homicide.16

FIG. 2.—Research design. Effect of homicide exposure in the neighborhood of resi-
dence on workplace behavior. Officers A and B live in different areas of the city, but they
both work in the same beat during the same shift. A homicide occurs within a quarter
mile of where Officer A lives. No homicide happens within half a mile of where Officer B
lives. During shifts in the following week, Officers A and B are assigned to the same beat
and shift and thus face the same conditions on the ground, with an equal probability of
interacting with civilians of different racial groups. Holding constant those conditions on
the ground, we assess how the probability of a use-of-force incident differs across these
two officers during the three weeks after Officer A was exposed to a homicide.

16 One important consideration of our empirical strategy is the number of unique combi-
nations of month of the year, day of the week, shift, and beat, that is, MDSB, that con-
tribute to the estimation. Eq. (1) estimates the within-MDSB differences in officer behav-
ior across treated and untreated officers, and as in any fixed-effects setup, only the
observations that are in fixed-effects groups where there is variation in the explanatory
variable contribute to the estimation. This means that officers in MDSBs that have no
variation in exposure to a homicide (i.e., all or none of the officers in the MDSB combi-
nation were exposed) do not contribute to the estimation. Of the 477,745 uniqueMDSB
combinations that are defined by month of the year, day of the week, shift, and beat, only
10,721 include both treated and untreated officers. Those 10,721 uniqueMDSBs include
3,794 unique officers. Since we fit models by officer race and ethnicity, it is also important
to assess how many MDSBs and officers contribute to those models. The models that
include Black officers have 7,848 unique MDSBs, and 1,157 officers contribute to the
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We visualize this procedure in the right panel of figure 2, where we show
that although Officer A was exposed to a homicide at time W and Officer B
was not, they work during the same shift, on the same day of the week, in
the samemonth, and in the same beat (represented by the dotted box). There-
fore, despite being differentially treated, the officers work in nearly identical
conditions.17 From this comparison, we arrive at our estimand: the difference
in the probability that treated officers engage in stops, arrests, and use-of-force
incidents in the weeks that follow a homicide compared to untreated officers.
It is important to highlight that our causal design rests on the assumption

that officers become aware of homicides in their residential areas shortly af-
ter they occur. Although our data do not directly indicate whether or not an
officer became aware of a residentially proximate homicide, qualitative ac-
counts provide strong evidence that officers are routinely exposed to infor-
mation about local violent crime (Sierra-Arévalo 2024). In a recent ethnog-
raphy of contemporary policing, Sierra-Arévalo (2024), for example, shows
that officers are inundated with information about violent crime, despite
the fact that such incidents constitute a small fraction (less than 1%) of the
calls they ultimately respond to. Sierra-Arévalo describes the intersecting
and overlapping channels—both formal and informal—that keep officers
abreast of local violence; during roll call, lieutenants narrate the gruesome
details of the previous shifts’ violent crimes (Sierra-Arévalo 2024, p. 131);
printed handouts called “hot sheets” offer detailed information about vio-
lent crimes including location, date, time, and description of the involved
suspect; and officer safety bulletins flash on television screens throughout
precincts with information about both local and nonlocal threats to officer
safety.

Modeling Strategy

Despite the binary nature of our outcome, we model our data using a series
of linear probability models (LPMs). Our results, however, are robust to
an array of nonlinear specifications, the output of which we include in the
online appendix.While LPMs have known limitations, such as heteroskedas-
ticity and predictions outside the [0,1] range, logistic regression models with
many fixed effects pose their set of issues. One important issue is the incidental

estimation; the models that includeWhite officers have 5,924 uniqueMDSBs, and 1,744 of-
ficers contribute to the estimation; and the models that include Hispanic officers have 4,745
unique MDSBs, and 893 officers contribute to the estimation.
17 We test the assumption that treated and untreated officers are comparable by examin-
ing differences in the weeks leading up to the treatment (this is equivalent to testing the
common trends assumption in a traditional difference-in-differences framework). We si-
multaneously estimate the impact of exposure to a homicide in the three weeks prior to
exposure and in the three weeks after exposure in a panel event studywith lags and leads.
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parameter problem (Neyman and Scott 1948), which often leads to artifi-
cially small standard errors. Although conditional maximum-likelihood
logit models with jackknife bias corrections can partially mitigate this issue
(Fernández-Val and Weidner 2016), these adjusted models remain imper-
fect (Katz 2001).

It is also important to note that even when logistic models with fixed ef-
fects are converted to marginal effects, their interpretation can still be pecu-
liar, differing in important ways from similarly specified LPMs. For in-
stance, logistic regression with fixed effects excludes groups that include
no variation in both the independent and dependent variables, leading to
estimates that only reflect the impact of a proximate event (e.g., a homicide)
on use of force in areas and periods where force is occasionally used. In of-
ficer fixed-effectsmodels, thismeans the estimated effect is limited to officers
who sometimes use force. One of the advantages of LPMs, and one of the rea-
sons we include them in this study, is that the coefficients are directly inter-
pretable asmarginal changes in the probability of the outcome (Hellevik 2009).

Despite these limitations, we conducted additional robustness checks us-
ing a set of nonlinear models, including unconditional fixed-effects logit,
conditional fixed-effects logit, and rare-events fixed-effects logit. The rare-
events logit is particularly useful for handling infrequent incidents, producing
unbiased estimates with lower variance (King and Zeng 2001). Full regres-
sion outputs for these models, along with the LPM results, are presented in
the appendix (tables A3–A5; all appendices are online). Our results remain
robust across all of these specifications.

Time and Distance Models

Our analysis considers an array of intersecting variables: the race of the of-
ficer, the race of the victim of the homicide, the race of the suspect, distance
from the homicide, and time from the homicide. While we address each of
these variables in turn, we begin by testing the core assumption of our
causal identification strategy: that the treated and untreated officers be-
haved similarly prior to the homicide. This time-based analysis also allows
us to establish the length of the effect, providing a temporal window that we
apply to subsequent models.

To simplify this first specification, we limit the exposure distance to ho-
micides that occur within one-eighth of a mile of an officer’s residence. This
distance measure covers an area about the size of four square blocks, with
the officer’s residence at the center. This hyperlocal radius represents the
immediate neighborhood context where residents aremost likely to have in-
timate knowledge of local dynamics and social connections. By concentrat-
ing on this distance, we aim to capture the area where a homicide would
have the most immediate and significant impact for local residents.
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The estimating equation and formal notation for the time model are as
follows:

Yimdsb 5 a 1 gmdsb 1o
J

j53

bjLead  jimdsb 1o
K

k53

dkLag  kimdsb 1 eimdsb: (1)

In equation (1), Yimdsb is a binary indicator for whether officer i, who is as-
signed to beat b, in shift s, in month-year m, in the day of the week d, par-
ticipated in a use-of-force event, an arrest, or a stop (with separate models
estimated for each outcome). We scale the dependent variable from 0 to 100
so that coefficients can be interpreted as changes in percentage points. The
vector cmdsb is a set of fixed effects that define all unique combinations ofmonth
of the year, day of the week, shift, and beat (MDSB); oJ

j53Lead  jimdsb is a set of
three binary indicators for the three weeks that followed the occurrence of a
homicide in the neighborhood where officer i lives; and oJ

j53bj is the set of es-
timated coefficients in each of the lead indicators. Similarly, oK

k53Lagkimdsb is a
set of three binary indicators for the three weeks that preceded the occurrence
of a homicide in the neighborhood where officer i lives, and oK

k53dk is the set of
estimated coefficients in each of the lag indicators. Across allmodels,we cluster
standard errors by police district.18

If an officer was exposed to a homicide in the seven days before the date
of their work assignment, the lag indicator corresponding with that week
will take on a value of 1. Similarly, if the homicide happened eight to 14 days
before their assignment, the lag indicator corresponding with that week will
take on a value of 1. The same applies if the homicide took place 15–21 days
prior to their assignment. The lead indicators follow the reverse logic: If a ho-
micide occurred in the sevendays after the officer is assigned towork, the lead
indicator for that week will take on a value of 1, and so on.
The three lag and three lead indicators take as a reference group officers

who were not exposed to a homicide in those three weeks. This includes of-
ficers who were never exposed to a homicide as well as officers who were
exposed to a homicide outside of the window defined by the lag and lead in-
dicators. To explore differences by the race of the officer and the race of the
pedestrian, we estimate separate models for Black, Hispanic, andWhite of-
ficers and for interactions with Black, Hispanic, and White pedestrians.
If exposure to a homicide makes officers more likely to make contact with

pedestrians for the weeks that follow, the coefficients on the lag indicators
(oJ

k53dk) will be positive. The magnitudes of the three lag coefficients reveal
whether the impact of such exposure increases or decreases over time. Similarly,
the coefficients on the lead indicators (oJ

j53bj) reveal any anticipatory effects in

18 Among all possible clustering strategies (by officer, by beat, byMDSB, or by district),
clustering at the level of police districts yields the most conservative (i.e., larger) set of
standard errors.
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the weeks leading to the proximate homicide. Under the assumption that the
timing of homicides is exogenous to the work assignment of officers (holding
constant their beat, shift, month, and day of the week), we expect to find no an-
ticipatory changes in behavior in the weeks before a homicide takes place.

Next, we measure the effect of distance from a homicide on the probabil-
ity of using force, stopping, or arresting, holding constant the temporal win-
dow. The distancemodel assesses the impact of homicides that occur in four
exposure circular rings illustrated in figure 2. The estimating equation and
formal notation for the distance model are as follows:

Yimdsb 5 a 1 gmdsb 1o
J

j54

bjDist  jimdsb 1 eimdsb: (2)

In equation (2), Yimdsb and cimdsb have the same interpretation as they do in
equation (1), andoJ

j54Dist  jimdsb is a set of four binary indicators that capture
whether a homicide occurred within the four concentric areas around the
officers’ homes. These areas are defined by incremental andmutually exclu-
sive radii of one-eighth of a mile: from zero to one-eighth of a mile from the
officer’s residence, from one-eighth to one-fourth of a mile, from one-eighth
to three-eighths of a mile, and from three-eighths to one-half of a mile. The
expression oJ

j53bj is the set of estimated coefficients in each of the distance
indicators. Essentially, equation (2) compares the behavior of officers who
experienced a homicide within these specified distance thresholds to those
who either were not exposed to a homicide near their home or for whom
the exposure distance was beyond one-half of a mile. A circle of one-eighth
of amile covers an area of 0.05 squaremiles, and a circle of one-half of amile
covers an area of 0.79 square miles.19

Victim and Suspect Model

In our last model, we examine the heterogeneous effects of different types of
homicides. Specifically, we assess how officers respond to homicides in their
neighborhoods when the victim is Black, Hispanic, orWhite and when sus-
pect is Black, White, or Hispanic or remains unidentified. To simplify this
model, we fix our geographic and temporal window based on the results of
the previous models. The estimating equation and formal notation for the
victim-suspect model are as follows:

Yimdsb 5 a 1 gmdsb 1 o
J

j512

bjVict-Suspjimdsb 1 eimdsb: (3)

19 On average, Chicago census blocks have an area of 0.005 square miles, block groups have
an average area of 0.09 square miles, and tracts have an average area of 0.3 square miles.
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In equation (3), Yimdsb and cimdsb have the same interpretation as in equa-
tion (1), and oJ

j512Vict-Suspjimdsb is a set of 12 binary indicators that capture
all possible combinations of race of the victim (Black, Hispanic, andWhite)
and race of the suspect (Black, Hispanic, White, and no arrest made). In
these models, officers in the control group are officers who were either not
exposed to any homicide or exposed to a homicide that is outside the tem-
poral and distance windows identified as relevant in models 1 and 2.20

Robustness Checks: Officer Fixed-Effects Model

To assess the robustness of our identification strategy, we run all time, dis-
tance, and victim-suspect models with officer fixed effects. These models re-
place the cmdsb fixed effects for a set of individual officer fixed effects and sep-
arate fixed effects for month and day of the week. Effectively, these models
compare each officer to themselves in days before and after exposure while
accounting for the seasonality of crime and work assignment. Officer fixed
models, reported in figures A11 to A13 in the appendix, yield the same re-
sults as the models from equations (1), (2), and (3) above.

Treatment Variable

Table 4 shows the number of officer shiftswhere theworking officer hadbeen
exposed to a homicide within a half mile of their residence in the previous
threeweeks. From 2012 to 2020, Black officersworked 32,192 shifts following
exposure to a homicide in the last 21 days, White officers worked 9,711 shifts
under the same conditions, and Hispanic officers worked 16,947 shifts. Over-
all, we observe 43,597 shifts where an officer had been exposed to a nearby
homicide within the preceding 21 days. Consistent with the racial differences
in exposure to crime documented in table 3, we find significantly fewer shifts
worked byWhite andHispanic officers after exposure to a homicide near their
home.

RESULTS

We begin by testing our core assumption: that treated and untreated officers
behave comparablywhenworking in the same beat, on the same shift, in the
same month, and during the same day of the week. To test this assumption,
we model the behavior of treated and untreated officers in the three weeks
before the treated officers were exposed to a homicide. As mentioned in the
methods section, this test is analogous to testing the parallel trends assumption

20 When combined with the race of the suspect, homicides where the victim was Asian or
of another racial/ethnic group are very rare. We omit those events from our data.

Thus, our distancemodels assess howhomicides occurwithin an area that is larger than a city
block but smaller than a block group and an area that is twice the size of a census tract.
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in a traditional difference-in-differences design and helps us determinewhether
there are any preexisting differences between treated and untreated officers
that might confound our results. For readability, we only report coefficients
for the week prior. However, we show the full output where we model three
anticipatory weeks in the appendix.

In addition to plotting anticipatory effects, we model the three weeks fol-
lowing a homicide. This allows us to examine the length and decay of the
effect. For simplicity, we limit our exposure distance to one-eighth of a mile,
where we believe the effect will be strongest. Additionally, we do not differ-
entiate between homicides by the victims’ or suspects’ race. In later analyses,
we attend to heterogeneity by distance and victim-suspect race pairings.

In figures 3 and 4 the y-axis shows the effect of a proximate homicide on
the probability that an officer engages in an arrest or stop or uses force dur-
ing subsequent shifts. The x-axis represents time, displaying the treatment
effect during shifts worked in the three weeks after a nearby homicide oc-
curred aswell as the week leading up to the homicide. To test for differences
by the race of the officer, wemodel the effect separately forWhite, Hispanic,
and Black officers.We display the effect forWhite officers in blue, Hispanic
officers in green, and Black officers in orange. We subset the figure by the
race of the pedestrian in the columns and the type of contact in the rows.

TABLE 4
Shifts Worked Where the Officer Was Exposed to a Homicide

in the Three Weeks Prior

Black Officer
Shifts

Hispanic Officer
Shifts

White Officer
Shifts

Black victim:
Black suspect . . . . . . . . 4,746 798 1,014
Hispanic suspect . . . . . 93 238 25
White suspect . . . . . . . . 70 11 62
No arrest made . . . . . . 25,410 4,396 3,299

Hispanic victim:
Black suspect . . . . . . . . 48 361 185
Hispanic suspect . . . . . 160 1,207 471
White suspect . . . . . . . . 21 272 23
No arrest made . . . . . . 1,011 7,527 2,562

White victim:
Black suspect . . . . . . . . 93 182 59
Hispanic suspect . . . . . 17 294 202
White suspect . . . . . . . . 72 160 272
No arrest made . . . . . . 451 1,501 1,537

NOTE.—Homicide within one-half mile of residence, CPD, 2012–20. The data include
8,946 CPD members with the ranks of police officer, sergeant, and lieutenant assigned to
geographic beats at any point during the years 2012–20 (2,194 Black, 2,641 Hispanic, and
4,111 White). We exclude police officers assigned to administrative duties and for whom
the address could be inferred from the voter registration file.
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Figures 3 and 4 confirm that treated and untreated officers working in the
same areas, on the same shifts, and on the same days behave in identical
ways in the week prior to the treatment. The lack of anticipatory effects is
robust when wemodel three weeks prior to treatment (see app. fig. A1). This
supports the premise that observed differences in the probability of police
activity after a homicide can be attributed to the treatment itself rather than
preexisting differences between the groups.
Consistent with our expectations, figure 3 shows that White officers are

significantly more likely to use force against Black civilians for the weeks
that follow a homicide within one-eighth of a mile of the home. In the first
week after exposure, White officers are around 1.6 percentage points more
likely than unexposed officers to use force against Black pedestrians during
their shifts. In the second week, we see a decay in the coefficient to around
0.52 percentage points and an increase in the p value (p 5 :07), and in the
third week, we see the effect disappear entirely.
Although a 1.6 percentage point increase in the probability of using force

against a Black civilian during a shift may seem small, it represents a sub-
stantively large increase. Considering that the baseline probability that a
White officer using force against a Black civilian during any given shift is
approximately 0.26%, a treatment effect of 1.6 percentage points translates
into a sevenfold increase.

FIG. 3.—Effect of homicides near the home of an officer on the subsequent percentage
probability of a use-of-force incident, CPD, 2012–20, by time. The data include CPD
members holding the ranks of police officer, sergeant, or lieutenant who are assigned
to geographic beats, excluding those with administrative duties. The analysis is further
limited to officers whose addresses were directly identified from the voter registration file,
totaling 2,194 Black officers, 2,641 Hispanic officers, and 4,111 White officers. The data
cover the years 2012–20. Outcomes are binary but rescaled to 0 and 100 so that regression
coefficients can be read as changes in percentage points. All models include year, beat,
shift, month, and day-of-the-week fixed effects. Standard errors are clustered by police
district and are robust to heteroskedasticity. Error bars around estimated coefficients
represent 99% confidence intervals.
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Also consistent with theories of racial threat (Blumer 1958; Blalock 1967),
figure 3 shows that the increase in the likelihood of using force against Black
civilians following a homicide near an officer’s residence is limited toWhite
officers. We do not observe any evidence that Hispanic or Black officers
who were exposed to a nearby homicide are more likely than their unex-
posed counterparts to use force against pedestrians. Among White officers,
the effect is also particular to incidents involving Black pedestrians. We see
no similar impact on the likelihood of use-of-force incidents involving
White or Hispanic pedestrians.

Contrary to expectations, figure 4 shows that a nearby homicide has no
effect on the probability that officers arrest or stop Black pedestrians. To
test the robustness of these null findings, we decompose arrests into several
categories, including arrests for property crimes, violent crimes, traffic vio-
lations, and drug offenses (see app. table A8). Across all of these subsamples,
we find no effect. We discuss the implications of these null findings in the
discussion section.

FIG. 4.—Effect of homicides near the home of an officer on the subsequent percentage
probability of an arrest or stop, CPD, 2012–20, by time. See figure 3 for description of the
data.
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Given these results, we simplify subsequent analyses so that theymeasure
changes in the probability of using force for the week following a proximate
homicide and concentrate on interactions between White officers and Black
pedestrians. It is worth noting, however, that regardless of the model specifi-
cation, we see no effect for Hispanic or Black officers or incidents involving
White or Hispanic civilians. The complete set of results can be found in ap-
pendix figures A1, A2, A18, and A19.
In the previous analysis, we examined officers who livedwithin one-eighth

of a mile of a homicide, allowing the time after exposure to vary. In the next
set of analyses, we focus on theweek following a homicide, where the effect is
strongest, and allow the distance an officer lives from the homicide to vary.
Figure 5 shows that the closer a White officer lives to a homicide, the

more likely they are to engage in force against Black pedestrians during
their shifts for the following week. Consistent with figure 3, figure 5 shows
that when a homicide occurs within one-eighth a mile of a White officer’s
home, there is a 1.6 percentage point increase in the probability that they
use force against Black civilians for the following week. Additionally, among
White officers who live between one-eighth and one-fourth of a mile from a
homicide, we see a 0.56 percentage point increase in the probability of using
force against Black civilians the following week. We observe no difference
between unexposed officers and officers for whom a homicide occurred be-
tween one-fourth and one-half a mile from their homes.

FIG. 5.—Effect of homicides near the home of an officer on the subsequent percentage
probability of a use-of-force incident, CPD, 2012–20, by distance. See figure 3 for descrip-
tion of the data.
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There are several reasons why the geographic distance from a homicide
might influence officers’ perceptions of racial threat. First, officers who live
farther from the homicide may be less likely to know about it. Second, even
if officers are aware of a homicide, the fact that it occurred farther from their
home could make it less salient and less likely to induce feelings of racial
threat. While we cannot determine the precise mechanism of the decay,
both of these factors should lead to a diminishing impact of a homicide
on officer behavior as the geographic distance from the incident increases.

Taken together, these findings show that homicides near White officers’
homes increase their likelihood of using force against Black civilians. How-
ever, homicides vary across a number of important and potentially relevant
characteristics. Indeed, theories of racial threat suggest that certain types of
homicides should be perceived as more threatening and more disruptive to
entrenched racial hierarchies than others. But existing literature presents
mixed findings: some studies link Black-on-White homicides to increased
discriminatory policing (Eitle et al. 2002; Legewie and Fagan 2016), while
others suggest the race of the victim doesn’t matter when the victim is a po-
lice officer (Legewie 2016; Zhao and Papachristos 2024).

To assess these theories, we decompose our treatment in figure 6 by pars-
ing the homicides by the race of the victims and suspects. Some homicide

FIG. 6.—Effect of a homicide near the home of aWhite officer on the subsequent prob-
ability of use of force against Black civilians, CPD, 2012–20, by race of victim and per-
petrator. See figure 3 for description of the data.
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combinations—such as Black victims with Hispanic or White suspects, His-
panic victims with White suspects, or White victims with Black suspects—
occur too infrequently near White officers’ homes to generate statistically
meaningful variation within the MDSB or officer fixed-effects specification.
Therefore, the effect of these kinds of homicides on officer behavior cannot be
identified.
Figure 6 shows that three types of homicides drive the increased likeli-

hood that White officers use force against Black pedestrians: (1) homicides
where the victim is Black and no arrest is made, (2) homicides where the vic-
tim is Black and the arrested suspect is also Black, and (3) homicides where
the victim is White and no arrest is made. We find no evidence of such pat-
terns when the use of force is directed at Hispanic and White civilians, as
shown in appendix figures A18 and A19.
Althoughwe cannot assess the race of the suspect when no arrest is made,

research on gang violence indicates that police often blur the distinction be-
tween the perpetrator and the victim (Carlson 2019). As shown in table 2,
only 17.4% (n 5 910) of the homicides in Chicago between 2012 and 2020
were cleared. Of the cleared homicides, 81.4% (n 5 741) involved a Black
suspect. We believe it is likely that police officers assume the race of homicide
suspects based on these patterns of cleared homicides and tend to infer that
the perpetrators are Black when victims are White or Black.
The fact that the impact of exposure to homicide is only visible when

White officers interact with Black pedestrians strongly suggests that this ex-
posure activates racial bias rather than an instrumental professional re-
sponse. If the proximity to a homicide increased the likelihood of using force
against Black pedestrians due to arrests related to these nearby homicides,
wewould expect the effect among all officers and in relation to all homicides,
regardless of the officer’s race, pedestrian’s race, suspect’s race, or victim’s
race. Moreover, if it were an instrumental professional response, we would
not expect to see an effect for homicides where no arrest was made. However,
the data show a strong effect in these cases.
Nevertheless, we consider the possibility that the increased use of force by

White officers against Black pedestrians reflects an attempt to make an ar-
rest connected to the homicide to which the officer was exposed. First, we
test the effect of a homicide on the rate at whichWhite officers make arrests
for violent crimes and weapons offenses (see fig. A8). In both cases, we find
no effect. Second, we examine the effect of a homicide on officers who work
and live in the same area (see fig. A9). Homicides typically occur near the
residences of both the victim and the perpetrator (Block 1977; Reiss and
Roth 1993). If the observed effect were due to officers arresting a suspect re-
lated to a homicide near their home, we would expect the effect to be con-
centrated among officers who work and live in the same neighborhoods.
Our results show that this is not the case.
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Additional Sensitivity Checks

To test the robustness of our findings, we remodel our data in several ways.
First, we drop theMDSB fixed effects and introduce an officer fixed effect.
Rather than compare a treated officer to an untreated officer working under
similar work conditions, this model specification estimates the within-
officer change associated with exposure to a homicide. The results, which
we display in appendix figures A12 and A13, are nearly identical to our pri-
mary models.

Next, we subset our data in various ways, testing whether the effect is
driven by a subset of events or a subset of officers. We estimate separate
models for two seasonal periods: April to September and October toMarch,
helping us assess effect heterogeneity between the summer and winter
months. Additionally, we run separate models for weekdays and weekends.
Results from these models are included in appendix figures A14, A16, and
A17.

These sample splits are informed by prior research that documents sea-
sonality in officer vacation bidding and crime, which may confound our in-
ferences. For example, given that officer seniority plays a role in how officers
bid for shift and patrol assignments, failing to account for day-of-the-week
or time-of-the-year seasonality could mask effect heterogeneity. If senior of-
ficers are less likely to work on the weekends, the association between homi-
cide exposure and the use of force could be concentrated among junior offi-
cers. Similarly, if senior officers are more likely to be off during the summer
months, when homicides aremore frequent, failing to account for the season-
ality of crime across the year would also mask effect heterogeneity. Yet, our
main findings hold across these different sample splits.21

Finally, we analyze the heterogeneous effects across different types of
use-of-force incidents. Specifically, we differentiate the use of force based
on the type of resistance reported by the officer, whether the officer reported
a civilian injury, and whether the use of force involved more than one offi-
cer. Differentiating our data by the type of pedestrian resistance recorded by
the officer provides insights into how officers escalate their responses based
on perceived threats in their residential environment. Similarly, examining
whether the use of force results in civilian injuries allows us to assess the se-
verity and consequences of these incidents. Lastly, considering whether
multiple officers were involved in the use of force reveals dynamics of group

21 Importantly, splitting the sample into smaller subsamples and assessing the sensitivity
of our estimates helps us address concerns about the potential artifact of statistical signif-
icance due to multiple hypotheses testing. By dividing the data into meaningful
subsamples and consistently observing the effect across these groups, we can demon-
strate that our findings are not merely a result of random variation. Such an approach
tests the robustness of the results under different conditions and contexts, reducing the
probability that our significant findings are an artifact of the testing process itself.
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behavior and collective decision-making in response to perceived threats.
The output of these analyses can be found in figures A3, A4, and A5 in
the appendix. We find that the effect is robust across all of these sample
splits, although there is a diminished effect in incidents where the officer re-
ported a civilian injury.

DISCUSSION

The durability of racial disparities in police use of force continues to be a site
of significant public attention (Buchanan et al. 2020; Olzak 2021) and the
focus of many policy interventions (Bass 2021). Although explanations
for the persistence of racialized police violence abound (Eberhardt et al.
2004; Laniyonu 2018; Ba et al. 2021; Shoub et al. 2021), recent work tends
to emphasize the importance of officers’ reactions to the perception of
threats, showing that discriminatory policing is more prevalent after events
that officers perceive as affronts to their racial and professional identity
(Legewie 2016; Grosjean et al. 2022; Donahue 2023; Zhao and Papachristos
2024) and in counties where symbolic threats to White hegemony are most
apparent (Eitle et al. 2002; Ross 2015; Legewie and Fagan 2016). In the pres-
ent article, we extend this work by arguing that the residential context of
police officers is an understudied but important setting in which perceptions
of group position are structured and is, therefore, key to understanding pat-
terns of racially discriminatory policing.
We show that when a homicide takes place within one-eighth of a mile of

a White officer’s residence, that officer is seven times more likely to employ
physical force against Black individuals during their shifts in the subsequent
week. Unlike previous studies, which suggest that Black-on-White crime is
particularly impactful (Eitle et al. 2002; Legewie and Fagan 2016), our find-
ings indicate that this effect is triggered by homicides where the victim is ei-
ther Black or White and the suspect is Black or presumed to be Black.
These findings contribute to the literature on the connections between

place, racial threat, group position, and discrimination.We extend previous
research by emphasizing the significance of residential context, arguing that
place is more than just a “bundle of analytical variables” (Gieryn 2000,
p. 466), and arguing that for police officers, workplaces and residential areas
hold different meanings and that theories of racial threat should be applied
accordingly. Drawing fromHubert Blumer’s classic text on racial group po-
sition, we contend that homicides involving a Black suspect near White of-
ficers’ residences are perceived as a sign of social disorder, which touch
“deep sentiments, that seems to raise fundamental questions about rela-
tions, and that awakens strong feelings of identification with one’s racial
group” (Blumer 1958, p. 6), increasing feelings of threat and the likelihood
of subsequent anti-Black discrimination.
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It is notable that we observe an effect only in the propensity to use force,
with no similar effect on the likelihood of arresting or stopping Black pedes-
trians. This suggests that officers are not more likely to discriminate at the
initial point of contact but are more likely to behave aggressively and esca-
late once contact is made. We show that these null findings are robust by
introducing officer fixed effects and examining arrests related to a variety of
offenses. Although this contradicts our expectations, previous research
provides some theoretical support. For example, ethnographic accounts
of policing tend to emphasize the defensive and fear-based acculturation
of officers, where officers are trained to identify attacks before they occur
by searching for signs of potential violence in the nuanced facial expressions
and body movements of the individuals they encounter (Sierra-Arévalo
2024). Furthermore, research in social psychology suggests that stereotypes
about Black criminality are often linked to fears for physical safety (Quillian
and Pager 2010). To that effect, increased feelings of racial threat may lead
White officers to feel more endangered and precarious around Black pedes-
trians they have stopped, prompting them to escalate interactions but not ini-
tiate additional stops. This perspective aligns with several recent studies that
indicate that escalation itself is a distinct site of racially disparate treatment
associated with feelings of threat (Kramer and Remster 2018; Hoekstra
and Sloan 2022). To the degree that we observe increased discrimination in
escalation but not initiation, this study provides evidence that racial threat,
as theorized, operates differently across various aspects of police work. Fu-
ture research should consider to what degree different mechanisms induce
different types of discriminatory police action.

In addition to documenting the causal effect of a residentially proximate
homicide, this article is the first to report the spatial distribution of officers’
residences. We find a pattern of racial segregation among CPD officers con-
sistent with city-level patterns of residential segregation.White police officers
tend to live in historically Irish and Italian enclaves, while Hispanic and
Black officers live in Hispanic and Black neighborhoods. Although Black
and Hispanic officers live in areas that experience less crime and are charac-
terized by less poverty relative to the average Black or Hispanic Chicagoan,
these officers still live in neighborhoods that are poorer and considerably
more violent than the average White Chicagoan. These spatial patterns are
consistent with previous evidence that shows that Black middle-class house-
holds live in neighborhoods that are, on average,more socioeconomically dis-
advantaged than the neighborhoods where White lower-class households
live (Sharkey 2014). Future research should explore the mechanisms of resi-
dential sorting among police officers and the downstream consequences of of-
ficer segregation on retention, mental health, performance, and behavior.

The present study is limited in several ways. Although we are able to
match a sizable proportion of the total police officers to the voter file, our
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sample is nevertheless limited to these officers, andwe are, therefore, unable
to make claims about unmatched officers. We attempt to address concerns
that the sample of matched officers is unrepresentative by comparing the
matched and unmatched samples across various characteristics. We find
that officers in our matched sample are similar to officers in our unmatched
sample.
Additionally, because officers rarely move and residential characteristics

are fairly stable, this study is unable to make inferences about the causal ef-
fect of more static residential characteristics like neighborhood-level socio-
economic conditions on officer behavior. For example, we cannot test whether
White officers become more prejudiced as their neighborhood of residence
becomes less White, an obvious hypothesis of the racial threat framework.
Future research should attempt to address this gap.
Another limitation involves the potential for spillover treatment effects or

violations of the stable unit treatment value assumption (SUTVA). For in-
stance, if two officers are patrolling together and only one of them has re-
cently been exposed to a nearby homicide, there is a chance that peer effects
might indirectly cause the untreated officer to become influenced by this ex-
posure. For example, if the treated officer discusses the homicide at the be-
ginning of their shift, the untreated officer may “absorb” some of the biases,
leading them to behavemore aggressively. If this exposure is fully transferred
to the untreated officer, our models would yield null results. Alternatively, if
only a partial transfer occurs, causing the untreated officer to adopt a portion
of these aggressive tendencies, our models would still generate a positive es-
timate—although smaller in magnitude than the true causal effect.
Although it is difficult to quantify the magnitude of such contamination,

we believe that any violation of SUTVAwould result in an underestimation
of the true effect. We address this concern in two ways. First, we remodel
our outcome using an officer fixed effect. This specification compares the
same officer to themselves before and after exposure to a homicide. These
models yield point estimates and confidence intervals that are virtually
identical to those in the beat, shift, day, month (BSDM) fixed-effects models
(see fig. A13). We also address the possibility of SUTVA violations by esti-
matingmodels that involve single-officer use-of-force incidents, as shown in
figure A5. While models do not yield statistically significant results, likely
due to the reduction in the sample size, the point estimate remains consistent
with our broader findings, suggesting that any SUTVAviolations have only
a minimal impact on our causal estimation.
Few studies have explored how residential environments affect work-

place behavior. Our research demonstrates that police officers’ actions are
influenced by violence near their homes. It is possible that other profession-
als’ workplace conduct is similarly affected by their neighborhood condi-
tions. Future research should examine other fields, such as medicine, real

American Journal of Sociology

1428



estate, and education, where employees have considerable discretion and
play a key role in producing racially disparate outcomes.

An important and growing literature in sociology highlights the geo-
graphically and socially structured nature of urban violence (Legewie
and Schaeffer 2016; Papachristos and Bastomski 2018; Ouellet et al.
2019;Wood et al. 2019; Zhao and Papachristos 2020). This work shows that
violent behavior can be transmitted among gang members (Papachristos
2009) or among police (Ouellet et al. 2019) but rarely addresses the possi-
bility that violence, which occurs between neighborhood denizens, may
be transmitted to police officers and transformed into legally sanctioned vi-
olence on the other side of the city. By demonstrating the effect of violence
near the homes of police officers on legally authorized violence in other
neighborhoods, this study suggests another avenue through which violence
may percolate from one part of the city into another (Levy et al. 2020) and
from one social group to another.

DATA AVAILABILITY

The code to replicate the analyses from this article can be found inDonahue
and Torrats-Espinosa (2025) in the Harvard Dataverse, https://doi.org/10
.7910/DVN/TY1BBR.
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